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Introduction

 Lidar can acquire geospatial
information of a coastal zone
with high accuracy, but must be
used with caution

Factors affecting measurements Correction model

Objective: model and predict Objective: model and predict
lidar ground elevation inaccuracies. lidar ground elevation inaccuracies.
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measurements directly affects
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Predicted values

Predicted values
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Expected Results

Compilation of the key factors influencing UAS lidar elevation beneath canopies.
Determination of coetficients required to adjust UAS lidar based canopy traits
Identification of coefficients for correcting UAS cloud elevation using lidar metrics
Determination of the impact of the lidar angle of incidence on elevation through
canopies.
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Future work

« UAS Lidar Elevation Corrections in Coastal
Grasslands Using Machine Learning.
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